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Abstract

Five years ago, the National Agricultural Statistics Service (NASS) began a research effort to
address an undercount in the estimate of the U.S. number of farms derived from its annual June
Area Survey (JAS). Misclassification of farm status was found to be a major cause of the
undercount. NASS has evaluated a host of measures and methods to assess, quantify, and
account for this misclassification. The approach derived from this process-employs record
linkage techniques, logistic regression, and NASS’s annual list sampling frame. The methods
developed and the subsequent results are presented here.
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1. Introduction

Each year the National Agricultural Statistics Service (NASS) publishes an estimate of the
number of farms in the United States (U.S.) based on the June Area Survey (JAS). A farm is
defined as a place from which $1,000 or more of agricultural products were produced and sold, or
normally would have been sold, during the year, and the computation includes any government
agricultural payments received. An independent estimate of the number of farms is published
from the quinquennial Census of Agriculture, which is conducted in years ending in 2 and 7. At
the end of each five-year period, the annual estimates based on the JAS number of farms
indication are adjusted based on intercensal trends. The annual estimate of the number of farms
from the JAS has been declining steadily between censuses (especially between the 2002 and
2007 Censuses) as depicted in Figure 1. In 2007, the estimate from the JAS was significantly
below that from the census; and the required intercensal trend adjustment to the JAS was
unexpectedly large as shown by the circled area in Figure 1.
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Figure 1: Published estimates of the number of U.S. ;‘arms from 2000 to 2009
with one standard error on either side of the estimate.
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During previous studies conducted by NASS, misclassification was identified as a source of the
underestimation in the JAS (Abreu 2007; Johnson 2000). Misclassification occurs (1) when an
operating arrangement with qualifying agricultural activity is identified as a non-farm, or (2)
when a non-farm arrangement is incorrectly identified as a farm. One study of misclassification
(Abreu, Dickey and McCarthy, 2009) revealed that some agricultural operations were incorrectly
classified as non-agricultural during JAS pre-screening. These results led to more intensive
efforts to understand the source and extent of misclassification in the JAS so that it could be
addressed. One effort was the Farm Numbers Research Project (FNRP), based on an intensive
post-June survey re-screening in 2009 (Abreu, McCarthy and Colburn, 2010). Concurrently, this
undercount issue was also addressed by a team of researchers formed to review the methodology
associated with the JAS and to recommend changes, through a collaborative agreement with the
National Institute of Statistical Sciences (NISS). This latter team consists of two NASS
researchers, two university faculty members, a post doctoral fellow, and a graduate student. The
team has considered several measures to address the issue of misclassification on the JAS.
Through matching the JAS to the Census of Agriculture list frame, the team evaluated
misclassification on the JAS (Abreu et al. 2010) and then developed appropriate methodology to
adjust for misclassification during non-census years (Lamas et al. 2010). In addition to
misclassification, the team identified non-response as another source contributing to the JAS
undercount. In Lopiano et al. (2010), the effect of estimation of agricultural activity for some
JAS sampled units is discussed, and methodology for adjusting for both non-response and
misclassification is developed. Because the census is only conducted every fifth year, the team
further proposed a yearly follow-on survey to the JAS called the Annual Land Utilization Survey
(ALUS) (Arroway et al. 2010). ALUS would make the JAS a two-phase sample. In addition to
providing information about misclassification of farms and non-farms, it would allow for proper
assessment of misclassification and result in an improvement in all JAS indications (Sang et al.
2011). However, due to resource constraints, the Agency elected not to pursue ALUS at this
time.

As a result, a less resource-intensive method was pursued to leverage information contained in
the NASS list frame to evaluate JAS misclassification. The challenge with this approach is that
the list frame does not have a farm / non-farm status classification. Abreu et al. (2011) have
explored the characteristics of the list frame farm status inaccuracies through matching records
from the 2009 June Area Survey, the 2009 list frame, and the 2009 Farm Numbers Research
Project. They confirmed the presence of farm status inaccuracies on the list frame. Further, the
potential for using the list frame for misclassification adjustment of the number of farms
indication was found to depend on whether the list frame farm status inaccuracies can be reliably
identified and excluded from the adjustment. This paper documents the initial results of using
logistic regression methods along with previous Census of Agriculture data to address farm status
inaccuracies in the 2011 list frame and providing an adjusted estimate of the number of farms for
the 2011 June Area Survey.

2. Estimating the Number of Farms from the June Area Survey

The June Area Survey (JAS) is based on an area-frame and collects information about U.S. crops,
livestock, grain storage capacity, and type and size of farms. The distribution of crops and
livestock can vary considerably within each state in the United States. Therefore, the precision of
the survey indications can be substantially improved by dividing the land within each state into
homogeneous groups (strata) and optimally allocating the total sample to the strata. The basic
stratification employed by NASS involves (1) dividing the land into land-use strata such as
intensively cultivated land, urban areas and range land, and (2) further dividing each land-use
stratum into substrata by grouping areas that are agriculturally similar. The JAS uses a sample

2056



Section on Government Statistics — JSM 2012

comprised of designated land areas (segments) selected from this stratification. A typical segment
is about one square mile (i.e., 640 acres). Each segment is outlined on an aerial photo that is
provided to the appropriate field enumerator (the red outlined area in Figure 2).

Through field enumeration, a segment is divided into tracts of land, each representing a unique
land operating arrangement (the blue outlined areas in Figure 2). An area screening form that
provides an inventory of all tracts within the segment and contains screening questions that
determine whether or not each tract has agricultural activity is completed for all sample segments.
Using this form, all land inside the segment is screened for agricultural activity, and the screening
applies to all land in the identified operating arrangement (both inside and outside the segment).
Those operations (tracts) that qualify as agricultural are subsequently interviewed using the area
version questionnaire, which collects detailed agricultural information about the operator’s land,
again both inside and outside the segment. Each tract is screened and classified as agricultural or
non-agricultural. Non-agricultural tracts belong to one of three categories: (1) non-agricultural
with potential, (2) non-agricultural with unknown potential, or (3) non-agricultural with no
potential. A tract is considered agricultural if it has qualifying agricultural activity either inside or
outside the segment. Otherwise, it is defined as non-agricultural. An agricultural tract will
subsequently be classified as a farm if its entire operation (land operated both inside and outside
the segment) qualifies with at least $1,000 in agricultural sales or potential sales. All non-
agricultural tracts and agricultural tracts with less than $1,000 in sales are classified as non-farms.

frd

Figuré 2: JAS segment (outlined in red) and tract boundaries(outﬁne in Iue)

Because the JAS is a probability-based survey, each tract i has an inclusion probability w; and an
expansion factor e; = 1/ m;. Within each farm tract, a proportion of a farm is observed (in some
cases with smaller farms, the entire operation may reside entirely within the tract). This
proportion, the tract-to-farm ratio for tract i, is t; = tract acres / farm acres. Both of these are used
in calculating the current JAS estimate for the number of farms (denoted as T), which is defined
as follows,
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| si Ny
T= Z Eiji Aiji
i=1 j=1 k=1
where
i indexes stratum,
j indexes substratum,
k indexes segment,
I = Number of land-use strata,
S; = Number of substrata in stratum i,
n;; = Number of segments in substratum j within stratum i,
e, = Expansion factor or the inverse of the probability of the selection for each segment
in substratum j in land-use stratum i,
Xijk
Qjj = Z tijkm
m=1
m indexes tract,
X = Number of farm tracts in the given segment,
. tract acres for the m™ tract
tm = Tract - to - farmratio of the tract =

farm acres for the m™ tract

The sampling weights are appropriate for the sample design. Therefore, this design-based
estimate is unbiased unless misclassification is present.

3. The NASS List Frame

Each year, NASS conducts hundreds of list-based surveys. The agency maintains a list of
farmers and ranchers from which the samples for these list-based surveys are selected. This list
frame also serves as the foundation for the development of the Census Mail List (CML). NASS
builds and improves the list on an ongoing basis by obtaining outside source lists. Sources
include lists from state and federal government agencies, producer associations, seed growers,
pesticide applicators, veterinarians, marketing associations, and a variety of other agricultural
sources. NASS also obtains special commodity lists to address specific list deficiencies. These
outside source lists are matched to the NASS list using record linkage programs. Most hames on
newly acquired lists are already on the NASS list. Records not on the NASS list are treated as
potential farms until NASS can confirm their existence as a qualifying farm. Each operation on
the list frame is categorized as active, potential farm (criteria), or inactive. Active list records are
assumed to have a high probability of representing active farming operations. Potential farm or
criteria records are records whose involvement in agriculture is unknown. Inactive list records
may be associated with landlords, deceased operators, farms no longer in business, etc. Many of
the active records represent agricultural establishments that operate land but do not have
sufficient production to be classified as a farm in a specific year. However, they are maintained
on the list frame as active records to help ensure high coverage of farms for the Census of
Agriculture every five years. Potential farm or criteria records are periodically screened to
determine whether or not they are involved in agriculture. Pure active status inaccuracies also
exist on the list frame; that is, some records identified as "active" are out-of-business or no longer
operate any agricultural land or facilities.
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4, Matching 2011 JAS to the 2011 List Frame

Probabilistic record linkage was used to match all 2011 JAS agricultural and non-agricultural
tracts to the 2011 list frame records in the 48 conterminous states. The JAS is only conducted in
Hawaii during census years, and Alaska does not have an area frame. Records were brought
together into link groups, each of which possibly represented a single operation. Subsequently,
link groups were classified into one of three distinct types: definite match, possible match or non-
match (Broadbent et. al. 1999). Possible matches were sent to Field Office (FO) staff for review
and were further classified as matches or non-matches. All non-matches were excluded from
further analysis.

The 2011 JAS was comprised of 93,327 tracts with potential names and addresses. These were
prepared and standardized for matching to the list frame. For this linkage, all agricultural and
non-agricultural tracts were considered. Partner records and records with additional information
were also included for each JAS tract to maximize matching results. In addition to the name and
address information, existing area-to-area and area-to-list links were used to bring records
together. After each June survey, FOs conduct a yearly overlap/non-overlap process in which JAS
agricultural tracts are overlapped to the list frame, providing a measure of list incompleteness.
JAS identification numbers (IDs) are stored for each list frame record overlapped to the JAS
(area-to-list links). In addition, an unduplication of the area frame records is conducted. The ID
of any area record matching another area record (area-to-area links) is stored. These
identification numbers were used during matching to bring records together that would not have
come together solely based on name and address information. Matching the non-agricultural
tracts was a departure from standard NASS procedures, primarily because once a non-agricultural
tract has been identified as a non-farm it is not accounted for in the number of farms estimate
published each year. However, non-agricultural tracts are the primary focus in the identification
of misclassification. The procedures for overlapping non-agricultural tracts were slightly
different from those for agricultural tracts. Unlike agricultural tracts, many non-agricultural tracts
do not have complete name and address information and agricultural data are not collected from
them. The procedures for the results of overlap results used for the non-agricultural tracts were
fully tested by the lowa FO staff, prior to dissemination and implementation by all other states.

From the 2011 list frame, 4,678,365 names and addresses were prepared and standardized for
matching to the 2011 JAS. This list included active, potential farm (criteria), and inactive
records. Every year, certain records are purged from the list frame, usually because they have
been inactive for more than five years. The only records excluded were those flagged to be
purged from the list frame due to extended inactivity.

For non-agricultural tracts, the overall match rate for all states was 17 percent. After all FO
reviews were completed, the results of the linkage yielded 4,264 valid matches to JAS non-farms.
These included tracts that were either non-agricultural tracts or agricultural tracts that did not
have $1,000 in sales or potential sales of agricultural products produced. Each JAS non-farm
tract that matches a list frame record can have the modeled list frame probability of being a farm
applied to the non-farm tract’s appropriate expansion factor. Tracts not matched to a list frame
record are assumed to be non-farms and are not used in the adjustment. Table 1 shows the
breakdown of the matched tracts by type of agricultural tract as identified in the JAS. Recall that
during JAS screening procedures, non-agricultural tracts are classified into the following three
types: potential for agriculture unknown, having potential for agriculture, and not having potential
for agriculture. Non-agricultural tracts without potential comprised 70.6 percent of all the
matches, while agricultural tracts comprised 18.9 percent.
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Table 1. Matched Non-farm JAS Tracts and List Frame Records by Type of Agriculture as

Identified by the JAS

Type of Agricultural Tract Number Tracts Matched Percent
Agricultural tracts identified as non-farms 807 18.9
Non-agricultural tracts w/ potential 316 7.4
Non-agricultural tracts w/ unknown potential 132 3.1
Non-agricultural tracts w/out potential 3,009 70.6
Totals 4,264 100.0

Table 2 shows the breakdown of the matched tracts by the type of list frame record. Results show
that two-thirds of the matches were to active list frame records, 22.6 percent were matches to
inactive records, and only 10.7 percent were matches to criteria records.

Table 2. Matched Non-farm JAS Tracts and List Frame Records by Type of List Frame Record

Type of List Frame Record Number Tracts Matched | Percent
Active 2,845 66.7
Criteria 456 10.7
Inactive 963 22.6
Totals 4,264 100.0

5. Accounting for Farm Status Inaccuracies on the 2011 List Frame

Modeling the Probability that a List Frame Record is Active

Using the record linkage results, the probability that a list frame record is active given that it
matched a JAS non-farm can be modeled using logistic regression. In this section, the
development of the logistic model is discussed.

For the logistic regression, the 4,264 JAS non-farm tracts that matched a list frame record are
considered. JAS data, list frame data and federal tax information were used to identify a set of
explanatory variables to be used in the model. The variables used were the following:

Type of IRS form (1040, 1121, 943)

Most recent year of tax form filed

A flag indicating whether or not the record was a farm in the 2007 Census (non-purge
CML flag)

Marked flag (whether the record was marked for any major NASS survey)
gross receipts reported on the IRS form

Year record last went through record linkage process

Flag indicating records newly added to the list frame since the 2007 Census
Flag indicating records coming from IRS that were not on the list frame)
Type of list record came from

Race

Gender

Spanish origin

US region

Agricultural/Non-agricultural Status

Farm size

VVVVVVVVVVVY VVYY
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For some categorical explanatory variables, grouping of categories was used to keep the data
from becoming too sparse, which would result in unstable estimated probabilities (see Table 3 for
groups formed).

Table 3. Grouping of Categories Used for Variables in Matched Data Set

Variable Groupings
Agricultural tract Type Agricultural tracts not grouped
Indicator Non-agricultural tracts (regardless of potential) grouped

Record Source ID (code 643,77,616,102,677,89,42,23,610,21,30,76,9,645,950,82,40,
descriptors are provided 67,32,44,650, 83,18,37,100,103,655,944 == Group 1

in Attachment A) 46,631,91,621,928 == Group 2

43 == Group 3

33 ==Group 4

1,641 == Group 5

97 == Group 6
607,90,78,453,448,628,34,322,96,65,2,10,615,638,315,49,624,50,
35,929,447,959,31,958,320 == Group 7

Farm Size Acres <= 0.5 == not grouped

0.5 < Acres <= 0.9 == not grouped
0.9 < Acres <=24.9 == not grouped
24.9 < Acres <= 99.9 == not grouped
Acres >99.9 == not grouped

US Region Region 1 == State FIPS in (CT, IL, IN, IA, KS, ME, MA, MI, NE, NH, NJ,
NY, OH, PA, RI, VT, WI)

Region 2 == State FIPS in (AL, DE, GA, KY, MD, NC, SC, TN, VA, WV)
Region 3 == State FIPS in (AR, FL, LA, MS, MO, NM, OK, TX)

Region 4 == State FIPS in (CO, MN, MT, NV, ND, SD, UT, WY)

Region 5 == State FIPS in (AK, AZ, CA, HI, ID, OR, WA)

Gross Receipts Less than $1

$1 to $999 == not grouped

$1,000 to 2,499 == not grouped

$2,500 to $4,999 == not grouped

$5,000 to $9,999 == not grouped

$10,000 to $24,999 == not grouped
$25,000 to $49,999 == not grouped
$50,000 to $99,999 == not grouped
$100,000 to $249,999 == not grouped
$250,000 to $499,999 with over $1,000,000
$500,000 to $999,999 with missing gross receipts

Type of IRS Form Form 1040 == not grouped
Form 1121== not grouped
Form 943 == not grouped

No form filled == not grouped

List frame records were divided into three categories (1) active records, (2) inactive records, and
(3) potential farms (criteria) records. Using JAS weights, stepwise regression was conducted
with the explanatory variables in the final model displayed in Table 4. The analysis was only
conducted using only active and inactive records (criteria records were excluded from the initial
process) and the modeled probability was assigned to each record. Standard diagnostics were
used to evaluate the fit of the model. The Hosmer-Lemeshow goodness-of-fit test statistic was
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13.1669, with 8 degrees of freedom. The estimated probability from leave-one-out cross-
validation was determined for each record (when it was the one left out) and plotted against the
estimated probability based on the model fitted using all records (see Figure 3). Nine estimates
changed by more than 0.05. The records associated with the estimates changing the most were not
from a discernible group. Using the final model, the probability that each criteria record is
actually an active one given that it matched a JAS non-farm is estimated.

Table 4. Results for Final Logistic Model of the Probability of a List Frame
Record Being Active Given that It Matched a JAS Non-farm

Effect Degrees of Freedom Wald Chi-square

Type of agricultural 1 11,467.9634
tract

Record Source Id 6 7,307.8663
Gross Receipts 10 2,938,5879
US Region 4 1,269.5771
Farm Size 3 13,514.8491
Type of IRS Form 4 270.5089
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Figure 3. Estimated probabilities from leave-one-out cross-validation versus the
estimated probabilities from the full model

It is important to note that the probabilities resulting from the logistic regression modeled the
probability that a list frame record is active given that it matched a JAS non-farm tract. This is
not equivalent to a list frame record being a farm. Recall that for this endeavor, the goal is to use
the list frame in the adjustment of the number of farms estimate derived from the JAS. After the
2007 Census of Agriculture, the farm/non-farm status of the 2007 list frame records was
evaluated. Seventy-two percent of the active list frame records matched to farms on the census.
The remaining 28 percent were found to be non-farms,® indicating that the census list frame
contains active records that are not associated with farming operations (farm status inaccuracies).

> Internal analysis conducted by Thomas Jacob of the Information Management Group of NASS.
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These farm status inaccuracies exist because farms go in and out of business with some
regularity. Also, the majority of the records are only contacted at the time of the census. The
presence of these farm status inaccuracies was also confirmed on the 2009 list frame by Abreu et
al. (2011). In the 2007 Census of Agriculture, the proportion of active status list frame records
that were farms was recorded for each state. Using this information, the modeled probabilities
derived from the logistic regression modeling were adjusted to produce an estimate of the
probability a record is a farm given that it matched to a JAS non-farm. All inactive records were
assigned a farm rate of zero because they are not included in building the CML. Therefore, only
active and criteria records were adjusted and included in the adjustment of the 2011 JAS number
of farm estimates.

6. Results

From Section 2, the current JAS estimate for the number of farms (denoted as T), is defined as
follows,

[ si M
T =Z Z Ciiik Aiji
i=1 j=1 k=1

This estimate is unbiased unless misclassification is present. However, misclassification has been
found to be present on the JAS. Using the modeled probabilities presented in the Section 5, an
estimator for the number of farms from the JAS with an adjustment for misclassification
(highlighted portion) can be constructed as follows:

| s nij Zijk
T, =T+2 2 > € >t Pijkm
i=1j=1k=1 "m=1

where

n’; = Number of segments where a list frame record was matched to a non-farm

Zijx = Number of matched non-farm tracts in the given selected segment

Pijkm = Probability that the list frame record is active given that it matched a JAS non-
farm tract and adjusted by the 2007 Census farm rates

T = JAS estimator without considering the misclassified non-farms

Under this framework, using the estimated probabilities, the 4,264 JAS non-farm tracts that
matched to a list frame record had the probability applied to its appropriate expansion factor
leading to a misclassification adjustment of 9.4 percent at the U.S. level. Due to the
confidentiality nature of how NASS derives the JAS annual estimate of the number of farms no
further results can be presented here.

9. Standard Errors by Bootstrapping
Bootstrapping was used to obtain the standard error of the estimate. In general bootstrap samples

are drawn, with replacement, from the empirical distribution of the data. These bootstrapped
samples are used to quantify uncertainty. Here two datasets must be considered, and the methods
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are similar to that of Kovacevic, et al. (2008). Dataset 1 is comprised of the active records and
inactive records in the list frame records dataset. This dataset was used to find the best logistic
model, which provided the parameter estimates. Dataset 2 consists of the potential farm (criteria)
records. The model developed for dataset 1 was applied to each record in dataset 2 to obtain the
estimated probability of a criteria record being active status, which was then used in the
adjustment of the estimated number of farms.

Suppose there are B sets of bootstrap samples from dataset 1 and D sets of bootstrap samples
from dataset 2. Note that, because the JAS data is a sample with associated weights, the bootstrap
weights need to be adjusted when obtaining the parameter estimates based on each bootstrap

sample. For each bootstrap sample, (n, —1) individuals in each stratum with replacement, where

n, is the size of stratum i. Let w;; denote the initial sampling weight of the jth individual in the ith
stratum. For a given bootstrap sample, the bootstrap weights are given by

b Iﬂli m
Wij = ——W; My
n -1

where mj; represents the number of times the jth individual in the ith stratum is selected in the
bootstrap sample, for b =1,2,...,B.

From dataset 1, ,5’ is obtained from logistic regression and, from the B bootstrap samples,
B® b=12,... Bare computed. Let N(/3) be the estimated number of farms from dataset 2,
and let NA(d)(,é) be the estimate of the number of farms from the dth bootstrap sample from

dataset 2, d = 1,2,...,D. Then, the variance of l\] (,B) may be expressed as
Var(N(3))=Elvar(N(8) | 3 )|+ var[E(N ()| B) 1)

Consider the first term. First, Var(l\] (/?) | ,é) is estimated and then its expectation determined.
Var(lﬁ (,é) | ,3) can be estimated using

A A A ~ 1 DT -~ ~ A A
varlN(B)1 )= 2 [0 () - ()]
Then, taking the expectation with respect to ,3 :

E[v%r(N“(ﬁ) | ﬁ)} =23 LS ROy -] o

Now consider the second term in equation (1). Denoting

SN (3) = N(B)

JIEES
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D

and, similarly, NL(ﬂA(b)) :%Z N @ (B®) so that

A (A A A A A (RSN 1Blx - RN
VarlE(N(3)| 3))=Varlii(3))- =3 Ny -
Therefore, the bootstrap estimate of the variance of N (,é ) may be expressed as

v%r(l\](;@))_%i%i_[ @30y g} + 1 z[N(ﬁ“”) N(ﬁ)]z -

where N(B®) is the estimate of the number of farms from dataset 2 using 3® and

N @ (B3®) is the estimated number of adjusted farms based on the dth bootstrap sample using
B®

Based on 1,000 bootstrap samples, the standard error of the adjustment, which equals the square
root of the estimated variance of the adjustment, is 2,725 farms.

10. Conclusions and Future Work

The overall results of this research indicate potential exists for using the list frame to evaluate
misclassification on the JAS. In addition, the list frame is a more viable option than the ALUS
due to its cost efficiencies. The use of logistic regression modeling provides a solid, reproducible
technique to modeling the probability that a list frame record is active given that it matches a JAS
non-farm. Adjusting the probability of active status to obtain the probability of farm was based
on the proportion of active status records that were found to be farms during the 2007 Census of
Agriculture could be improved with further research.
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Appendix A -- Record Source Id — List of Source Codes

J55TATE DEPT (OF ENVIRONMENTAL QUALITY
JB50ILERQSION AND WATER QUALITY LIST
JTDEPARTMENT OF AGRICULTURE
JADEPARTMENT OF HEALTH
JADERARTHENT OF WATURAL RESOURCES
4ODEPERTMENT OF LANDS
41DEPERTMENT OF LABOR STATISTICS
42FARM BUREALILIST

43FARM SERVICE AGENCY (Fa)
SAFARMERS MARKETLIST

4ADIRELT MARKETING ASSOCIATION
4EDMASION OF MOTOR VEHICLES

4TRISK MEHAGENENT AGENCY [AMA)
4ADEPERTMENT OF WALDLIFE & FISHERES
43MISHLIST

AOADDITIONAL HAME FROM A SURVEY

51 COMMUNITY SUFPORTED AGRICLLTURE
B2FARM ORGANIZATION

SAFEDERATION OF SDUTHERN COOPERATIES
OMAGRITY LT BUILOING - GENERAL

101 AFRICAN AHERICAN CHURCH PROJELT (RESEARCH DY)
02 MKE SURE I COUNTED WEBSITE
I03MMORITY FARM REGISTER

M NATIONAL BLACK FEMER AS20CITION
0RCENSLS Day

0GFSA MHORTY

130COMPNY GROWERLIST

JDALFALFA SEED GROWERS LT
JESUGARBEET GROWER LST

I0CORN GROWERS ASSOCIATION
J12HOPCOMMMEEION

T3BARLEY COMMESITH

J15WHEAT GROWERS ASSOCKTION
0R0LLWERMLLET

A2COTTON PRODUCERS ASSOCIATION

SR CERTIFED SEED PRODUCERSLIT
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Reesouced hne Recsaurced hane Hecsuu}ﬁiid e
.ﬂ.EFIIEI_\LTI_IH.&L STATISTICS SERMCE | EAERACTICAL FARMER LT JHORY BEAN DEALER A5s0CimION
ZHGRICLLTURE COMMODITY COMMSSION EKAHKETNEWSEULLEHN 347 GRAN PRODUCERS ASSOCIATION
JECOMOMIC RESEARCH SERVICE (ERS) PRARE BOLNTYLIT BHAY GROWER'S ASSOCIATION
4\MPDHUEXFDI1§MAHKET L7 ERSTATE FARM CENSIS R OILSEED GROWERLIST
TETATE Tak LIS EPRESTICDE APPLCATORS LT JRPOTATO GROWER'S ASSOCIATION
Pkl SREHPLOYHENT DEVELORMENT OISO SSTATEPOTATOLET
10MFOUSALIST ACHEMT LT JR0S0RGHUM PROCUCERLIST
T1AELDS LANDLORDS TRSHALL PR NTIETVE H1ONUT GROWER'S ASSOCIATIONS
1BLM LEASES TS TATE BUSIESS LIEENGE LT 411 APPLE COMMISSION
19FOREST SERVICE PERMIT HOLDERS TGRS LT 412FRUIT TREE LIAT
209TATE WATER LSE LIST TSTATEVETERNARIN ST {19BLUEBERRY GROWERS ASSOCIATION
21 TATE POLLUTION CONTROL ST TUS IS TANARLE AGRICULTURE 427 CHERRY ASSTCIATION
Z25TATE LIOUDR CONTROL BOARD GHALL LNVESTOCK S CRANBERRY COMMISION
Z39TATE DEPT OF REVENLE A0 TRADE MAGAZIVES NEWSLETTERS WERSITE LPERIDDICALS A4GFRLIT VEEETABLE GROWER'S ASSOCIATION
249TATE CROP INSLIRANCE B TRADE SHOW U475TATE VEGETABLE LIST
Z7F00D & DRUG ADMINISTRATION B FURCHASED L5T 44 GRAPE GROWER' ASSOCIATION
ZBRURAL DEVELORKENT O FIRST AWERICAN SPATIL (52 MACADAMIA NUT GROWER'S ASSOCIATION
Z3ERA BRRIGATION LT 453MAPLE FRODUCER'S LT
JDCOOPERATIVE EXTENSION SERMICE A IRIGATORS, GRAZNG, LEAses, T 457 MINT GROWER'S ASSOCIATION
JINATURAL RESOURCES CONSERMATION SERVICE (MRCS) 1 RESERYATION OPERATORS 4R CORFEE GROWERS LIST
J2LOCALMUNICIPALITY Tak LIST 4 EVRORTIMRORT LIVESTOCK LS UE2PEAR ASSOCIATION
J3COUNTY TA%RECORDS LIST e LT 4GEPECAN GROWER'S ASSOCIATION
JACOUNTY PLANNING AND Z0NING PCENSLS AL LIST JETHAZELNIT PRODUCER LIST

4T0STRAWBERRY LIAT

471 RAGPBERRY COMMSSION

430CHERR'Y SWEET AND TART GROWERS LIST
U33TROPICAL FRUIT GROWER'S ASSOCIATION
4B5WATERMELON GROWERS ASSOCIATION
S36WINE PRODLCERS ASSOCIATION

487 DEPARTMENT DF TREASURY IWINE - FED ALCOHOL Th |
FBRVEGETABLE AND BERR'Y GROWERS ASSOCILTION
560 ONION GROWER' ASSOCIATION

BRIFEA ELENTIL ASSOCIETION

GTOINTERNET FLAM INDEX

71 LAG ANWALS

GT2POLLMATOR LIST

§735EED RESOURLES

§7451UPPLIERS OF BENEFICIAL INSECTS

7EWOMEN [N SUSTANARLE AG DIRECTORY
G7EWOMEN FARH OPERATORS
FO043S0C NATURAL BIOCONTROL PROD



Section on Government Statistics —JSM 2012

Appendix A -- Record Source Id — List of Source Codes

Recsouceid % Name Recsouceid Hame

B0 BUTTERFLY BREEDERS
BI2HERITAGE BREEDERS CONSERVANCY
BI3HONEY SUPPLIERS

B04LIVESTOCK AUCTION/COMMISSION
BISLIVESTOCK BOARD

BI7AMG LIST

BIBANGLS ASSOCIATION
BISAMERICAN BREEDER CLLR
BIDAPIERY LICENSE

B1TSTATE DAIRY LIST
B1ZAUACULTURE GROWER ASSOCIATION
B13STATE AQUACULTURE LIST
B1BEEF PRODUCERS ASSOCITION
B1BAEEKEEPERS ASSOCIATION
B178I50N PRODUCERS LIST

B1ADEER ASSOCIATION LIST
B19GAMEBIRD LICENSE LIT

B20ELE. ASSOCATION LIST

B2V BRAND LIST

B22BRUCELLOYIS LIST

BZ3CATFISH GROWERS ASSOCIATION
B4 CATTLEMEN'S ASSOCIATION
BZBEMERGENCY FEED ASSIATANCE
BI0BRAHMA LST

B3 CATTLE LIST

B35 DAIRY ASSOCIATION

BI6DAIRY GOAT ASSOCIATION
B37GOAT ASSOCIATION

BIABOER GOAT ASSOCIATION

BAOEML ASSOCIATION

B4T EQUINE LIST

BA2MLLE GROWERS LIST
BA3LNIVERSITY YET EQUINE LIST
BAGNATIONAL GOAT LIST
BA0HORSEMEN'S ASSOCIATION

BAT LIVESTOCK BREEDER'S ASSOCIATION
BAGMILK MERKETING ORDER

BEGMINK GROWER S COOPERATIVE
BA7DSTRICH GROWER'S LIST

BEAOLD ENGLISH GAME BANTAM - RODSTERS
BA3HAMPSHIRE BREEDERS DIRECTORY

BAIUNIVERSITY VET EQUINE LIST
BAENATIONAL GOAT LIST
BE0HORSEMENS £G30CIATION

£t UV%TDEK BREEDER' ASSOCIATION
S5 LK MARKETING DRDER

ESE MK, GROWERY COOPERATIVE

BE7 0 TRICH GROWER'S LT

ESA0LD ENGLISH GANE BANTAM -RODSTERS
BE3HAMPSHIRE BREEDERS DIRECTORY
BE7HOG CONTRACTEE LIST

BRPORK PRODUCER'S ASS0CIATION
BE3HOG WASTE FEEDER LIST
BOPOULTRY PRODUCER'S ASSOCIATION
71 POULTRY CONTRACTEE LIST
BT2RATITE ASS0CIATION

ETIRABRIT ASSOCIATION

B74RHEA PRODUCER'S ASS0CIATION
BT SHEER PRODUCER'S ASSOCIATION
B77LLAMAAND ALPACA ASSOCIATION
BA7WOOL EROWER'S ASSOCIATION
TI004RY FRODUCTS SYSTEN
SE0STATE LAND PRESERVATION

SO0 CHRISTMAS TREE ASSOCTIN
SEACHRISTMAS TREE - STATELIST
B4IHORTICULTURE LIST

B4 FLORICLLTURE LICENSE
B4GFORESTAY ASS0CIATION
SENLRAERY AND LANDACAPE ASSOCIATION
H0TB LT

S PPAYA GROWER LIST

FE6HERE GROWER A5h

$57LAVENDER (HERBS) GROWERS ASSH
SEANURSERY GROWER LIST
SEANURSERY LICENSE LT

SG0FLORAL CENSLS

561 ORCHID GROWERY ASSOCIATION
362 ORGANIC GROWER'S ASSO0ATION
SE3CERTIFIED ORGANIC

§73HATIOAL DEER, ELK, AND REINDEERLISTS
SO TURF GRASS SURVEY AASS0CIATION
395 FORAGE, PASTURE, DR GRASSLAND A530CIATION
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