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TransPRECISE: Personalized Network Modeling of the Pan-Cancer Patient and Cell Line Interactome
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* Data Sources: Patients — The Cancer Proteome Atlas (TCPA), Cell
Lines — M D Anderson Cell Lines Project (MCLP), Drugs —
Genomics of Drug Sensitivity in Cancer (GDSC).

* Other omics or trans-omics data may also be used in the regression
modeling step.
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* 'Twelve tunctional pathways used — including apoptosis, breast reactive,

cell cycle, EMT, hormone signaling, RAS/MAPK, RTK.
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