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Scheduled primary surgeries from 2014-2016.
Patients with < 75% missing data.
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Missing Data

We had a lot of missing
data and we used this
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Our model performance is better, but not
overwhelmingly so. Its main benefit is the
flexibility of its sensitivity.

that would span the
entire population.

Pearson correlation coefficient and p values between factors. The
correlation between Hemoglobin and income is much stronger than what [ Readmission }

Missingness of data, hierarchically clustered

can be explained by kidney disease as measured by low GFR. Glomerular Risk
filtration rate (GFR) is an indicator of kidney health.

Hypothetical causality diagram of readmission risk



