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Mission

Be the # 1 MSDS in the World: producing the best DS professionals
on Earth, regardless of field.

Provide best training for all models of student: some straight from
undergrad, but many in industry trying to ‘tech up’ or switch careers.
Generally terminal degree, though some go to academia.

Integrate DS with domains: joint faculty, under one roof teach
methods and substance as cohesive whole.

Build on strength in machine learning, big data, deep learning.
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Curriculum: 2 year

S1 Intro to Data Science

S1 Probability and Statistics for Data Science

S2 Machine Learning and Computational Statistics

S2 Big Data

S3 Capstone Project in Data Science

One Data Science Elective, e.g.

Deep Learning
Natural Language Processing with Representation Learning
Optimization-based Data Analysis

Track electives

General electives

plus ethics!
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Ethics

Interest in ethics is asymmetric:
educationally, we think it is vital,
but students don’t volunteer in
huge numbers (relative to e.g.
ML/DL).

→ make it a requirement (beyond
module in Intro).

But sustainability is hard:
ultimately need (joint) hire in
ethics!

() May 16, 2018



Ethics

Interest in ethics is asymmetric:

educationally, we think it is vital,
but students don’t volunteer in
huge numbers (relative to e.g.
ML/DL).

→ make it a requirement (beyond
module in Intro).

But sustainability is hard:
ultimately need (joint) hire in
ethics!

() May 16, 2018



Ethics

Interest in ethics is asymmetric:
educationally, we think it is vital,

but students don’t volunteer in
huge numbers (relative to e.g.
ML/DL).

→ make it a requirement (beyond
module in Intro).

But sustainability is hard:
ultimately need (joint) hire in
ethics!

() May 16, 2018



Ethics

Interest in ethics is asymmetric:
educationally, we think it is vital,
but students don’t volunteer in
huge numbers (relative to e.g.
ML/DL).

→ make it a requirement (beyond
module in Intro).

But sustainability is hard:
ultimately need (joint) hire in
ethics!

() May 16, 2018



Ethics

Interest in ethics is asymmetric:
educationally, we think it is vital,
but students don’t volunteer in
huge numbers (relative to e.g.
ML/DL).

→ make it a requirement (beyond
module in Intro).

But sustainability is hard:
ultimately need (joint) hire in
ethics!

() May 16, 2018



Ethics

Interest in ethics is asymmetric:
educationally, we think it is vital,
but students don’t volunteer in
huge numbers (relative to e.g.
ML/DL).

→ make it a requirement (beyond
module in Intro).

But sustainability is hard:
ultimately need (joint) hire in
ethics!

() May 16, 2018



Tracks

Self-identified interest in groups of electives:

CDS General (no track)

CDS Big Data

CDS Mathematics and Data

CDS Natural Language Processing

Ph Physics

Bio Biology

Med Biomedical (from Fall 2019)
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Finance

Tuition and fees ∼ $36k per
academic year

Opportunities for some to be paid
as RAs, TAs, section leaders etc.

Most students ‘self fund’, but
some corporate partners have
generously donated for
scholarships/fellowships
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Professional Development

Company Information Sessions: firms explain what DS means to
them, “day in the life”, culture etc.

Professional Development Seminar: internships, negotiations,
interviews.

More general university resources: alumni, faculty, NYU career
services
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Outcomes I

∼ 100% placement rate at graduation (or few months after)
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Outcomes II

Internships pay $23–$55 an hour; 42% offer conversion rate

Graduating salary mean: $95k–$120k. Range: $70k—$243k.

∼ 93% are very/moderately satisfied with MSDS.

∼ 75% would recommend to others.

∼ 83% use skills they learned ‘often’ in their work.

Non-trivial to know what we should be offering. Students request e.g.
high-end video/time-series courses, but employers want more
soft-skills and (vanilla) data munging.
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Admissions

2017: ∼ 1600 applications chasing ∼ 200 offers (100 cohort)

2018: ∼ 1800 applications chasing ∼ 250 offers (140 cohort)

→ considerably more selective than top Law/Business schools

Mean TOEFL: 107

Mean GREs: 75th (V), 95th (Q), 50th (W)

As (some Bs) in relevant subjects: linear algebra, stats, intro CS
(minimum)

Superlative letters: top 2% (sometimes top 10%)

‘Narrative’: understand program and what they want out of it
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Diversity

All STEM fields struggle with diversity: women and minorities
under-represented in degrees and career.

Admissions: we handle minority and (domestic) women applicants as
entirely separate stream. No cuts based on supposedly ‘objective’
criteria. Do two close reads of every file, and do not touch other files
until that stream is complete.

→ committed to fellowships/waivers for best of these students.

Women constitute ∼40% of our students (approx equiv to applicant
pool). Expect ∼10% of cohort from URM this year, but must do
better on minority applicants (esp outreach).
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